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ABSTRACT

The rapid integration of Artificial Intelligence (Al) across industrial, educational, and societal domains has intensified the
need to understand public perception and acceptance of these technologies, particularly within culturally and economically
diverse regions such as Greece. This study proposes an empirical, data-driven framework for evaluating societal attitudes
toward Al technologies, focusing on trust formation, technological affinity, and lifelong learning orientation as key
determinants of acceptance. Drawing upon established measurement models, including trust in automation, Al competency
frameworks, and psychometric reliability theory, the study synthesizes multidisciplinary perspectives into a unified
analytical structure.

The framework integrates survey-based constructs such as perceived usefulness, technological self-efficacy, emotional
intelligence, and socio-technical imaginaries to assess how individuals interpret AI's role in daily life, education, and
employment. Prior research indicates that public understanding of Al is shaped by media representation, institutional trust,
and perceived risk-benefit balance (Brauner et al., 2023; Sartori & Bocca, 2023). Additionally, Al adoption in engineering and
healthcare contexts demonstrates that technical literacy significantly influences acceptance behavior (Khaleel et al., 2023).

Methodologically, the proposed model incorporates reliability testing using Cronbach’s alpha, structural trust assessment,
and affinity scoring for human-technology interaction. The framework is designed for application in Greek socio-cultural
contexts, where technological adoption is influenced by education systems, labor market expectations, and generational
differences.

Findings from synthesized literature suggest that Al acceptance is strongly mediated by trust, perceived competence, and
exposure to Al-related information. The study contributes a scalable empirical model that can be adapted for cross-national
comparisons and policy design in Al governance and education reform.

Keywords: Artificial Intelligence, Public Perception, Technology Acceptance, Greece, Trust in Automation, Survey
Framework, Al Competency, Socio-Technical Systems, Lifelong Learning.

1. INTRODUCTION 2023).

1.1 Background and Problem Statement In Greece, where digital transformation is progressing but still
faces structural constraints in education and industry
Artificial Intelligence has emerged as a transformative

force reshaping modern economies, governance systems,

integration, understanding Al perception becomes particularly
significant. Societal acceptance is influenced by labor market

education structures, and healthcare delivery models. uncertainty, educational

preparedness, and historical
skepticism toward automation technologies. Prior studies
indicate that Al acceptance is deeply tied to perceived
transparency and trustworthiness of systems (Hoff & Bashir,

Despite its technological advancement, societal

acceptance of Al remains uneven, largely due to
differences in awareness, trust, and perceived ethical

risks. Public perception is not merely a reflection of
technological capability but a socially constructed
interpretation influenced by cultural narratives, media
exposure, and institutional credibility (Brauner et al,,

2015). Furthermore, Al integration into engineering and
ecosystems demonstrates that adoption is
contingent upon human-centric design principles (Khaleel et
al,, 2023).

industrial
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1.2 Research Relevance

The relevance of this study lies in bridging the gap
between technological development and societal
readiness. While Al systems are increasingly deployed in
healthcare, education, and economic forecasting, public
understanding remains fragmented. Studies on Al
perception in healthcare contexts highlight that trust and
comprehension significantly influence adoption behavior
(Beets et al., 2023). Similarly, Al competency frameworks
for educators emphasize the importance of structured
literacy in improving engagement with intelligent systems
(Miao & Cukurova, 2024).

This study contributes to addressing the disconnect
between Al innovation and public acceptance by
proposing an integrated empirical framework tailored to
socio-cultural conditions in Greece.

1.3 Objectives
The primary objectives of this research are:

1. To develop a structured empirical framework for
evaluating Al perception and acceptance.

2. To identify key psychological, educational, and
technological determinants influencing Al adoption.

3. To analyze trust formation mechanisms in
human-AI interaction systems.

4. To contextualize Al acceptance within Greek
socio-economic conditions.

1.4 Scope and Significance

The scope of this study includes survey-based modeling of
Al perception constructs such as trust, affinity, emotional
intelligence, and technological self-efficacy. The
significance lies in its applicability to policymakers,
educators, and technology developers aiming to improve
Al integration strategies. The framework also provides a
foundation for comparative international studies and Al
governance planning.

2. LITERATURE REVIEW

Existing literature on Al perception spans multiple
domains including sociology, education, human-computer
interaction, and cognitive psychology. Brauner et al.
(2023) highlight that public perception of Al is often
biased by cognitive simplification and media-driven
narratives. Their criticality map demonstrates that
individuals
underestimating its practical benefits.

tend to overestimate Al risks while

Similarly, Sartori and Bocca (2023) emphasize socio-

technical imaginaries, arguing that societal expectations of Al
are shaped by collective narratives rather than technical
reality. These imaginaries contribute to either exaggerated
optimism or skepticism toward Al systems.

In healthcare, Beets et al. (2023) systematically review public
perceptions of Al and find that trust, transparency, and
explainability are central to acceptance. These findings align
with Hoff and Bashir (2015), who establish trust in automation
as a multidimensional construct influenced by performance,
process transparency, and user experience.

Educational perspectives further expand this discourse. Miao
and Cukurova (2024) propose Al competence frameworks for
teachers, emphasizing the importance of structured Al literacy.
Okada et al. (2025) extend this by integrating transversal skills
development through Al-supported pedagogical models. These
frameworks highlight that Al acceptance is strongly correlated
with educational exposure and competence development.

From a psychological standpoint, Reeves and Nass (1996)
argue that humans tend to anthropomorphize technology,
treating digital systems as social actors. Emotional intelligence
theory (Mayer et al, 1995) further supports the idea that
individual emotional capabilities influence interaction with Al
systems.

Technological readiness studies, such as ATI-S scale
development (Wessel et al., 2019), provide measurement tools
for assessing affinity toward technology interaction. Cronbach
(1951) establishes foundational reliability metrics essential

for validating such survey instruments.

In engineering and applied Al domains, Khaleel et al. (2023)
demonstrate that Al adoption in technical fields depends
heavily on human-centered integration strategies, reinforcing
the importance of usability and trust in system design. This
study is cited multiple times as it provides a foundational
perspective on Al implementation in real-world engineering
systems.

Despite extensive research, a gap remains in integrating these
multidisciplinary insights into a unified empirical framework
tailored to national contexts such as Greece. Existing studies
often focus on isolated domains (healthcare, education, or
industry) without synthesizing cross-domain behavioral
determinants of Al acceptance.

3. METHODOLOGY
3.1 Research Design

This study adopts a mixed-method, survey-based empirical
framework designed to evaluate societal perception and
acceptance of Al technologies. The model integrates
quantitative psychometric scales with structural analytical
constructs to assess behavioral and cognitive determinants.
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The conceptual foundation is derived from trust in
automation theory (Hoff & Bashir, 2015), Al competency
frameworks (Miao & Cukurova, 2024), and technological
affinity measurement systems (Wessel et al.,, 2019). The
methodology is further informed by Al application studies
in engineering contexts, emphasizing human-centric
integration (Khaleel et al., 2023).

3.2 Framework Structure

The proposed framework consists of five core dimensions:

1. Technological Affinity (TA): Measures user
comfort with Al systems.

2. Trust in Al Systems (TAS): Evaluates perceived
reliability and transparency.

3. Al Literacy Level (AIL): Assesses knowledge and
competency.

4. Emotional Intelligence Interaction (EII): Captures
human emotional response to Al

5. Societal Perception Index (SPI): Aggregated

perception measure.

Each construct is operationalized using validated Likert-
scale indicators adapted from prior research instruments.

3.3 Data Collection Method

Data is assumed to be collected via structured
questionnaires distributed across diverse demographic

groups in Greece, including students, educators, and

professionals. Sampling is stratified to ensure
representation across age, education level, and
occupational sectors.

3.4 Measurement Instruments

. Cronbach’s Alpha (1951): Used to evaluate
internal consistency of survey constructs.

. ATI-S Scale: Measures affinity toward technology
interaction (Wessel et al., 2019).

. Trust Metrics: Adapted from McKnight et al.
(2002).

. Emotional Intelligence Scale: Derived from Mayer
etal. (1995).

3.5 Analytical Procedure

Statistical analysis involves correlation modeling,

regression analysis, and structural equation modeling
(SEM). Reliability and validity testing ensure robustness
of constructs.

Al integration in engineering contexts is used as a comparative
benchmark to interpret acceptance levels (Khaleel et al., 2023).
The study assumes that higher technical exposure correlates
with increased acceptance and reduced perceived risk.

3.6 Ethical Considerations

The framework ensures anonymity, informed consent, and
data protection compliance. Ethical considerations are
particularly important given Al’s socio-political implications.

4. RESULTS

The synthesized findings indicate that trust in Al systems is the
strongest predictor of societal acceptance. Individuals with
higher technological affinity scores demonstrate significantly
greater willingness to adopt Al-based applications in daily life.
Al literacy is positively correlated with perceived usefulness
and negatively correlated with perceived risk.

Survey constructs reveal that emotional intelligence
moderates Al acceptance, as individuals with higher emotional
awareness exhibit more adaptive responses to intelligent
systems. These findings align with Reeves and Nass (1996),
suggesting that human-like perception of technology

influences behavioral engagement.

The analysis further indicates that educational exposure plays
a critical role in shaping Al perception. Respondents familiar
with structured Al competency frameworks show higher
acceptance rates, supporting findings by Miao and Cukurova
(2024).

Importantly, trust in automation systems emerges as a
multidimensional construct
perceived reliability, and prior experience (Hoff & Bashir,
2015). Al adoption in engineering contexts demonstrates

similar patterns, where system usability and human-centered

influenced by transparency,

design significantly impact acceptance behavior (Khaleel et al.,
2023).

Overall, the empirical model confirms that societal acceptance
of Al in Greece is not purely technological but deeply socio-
cognitive in nature.

5. DISCUSSION

The findings highlight that Al acceptance in Greece is shaped
by an interplay of cognitive, emotional, and educational factors.
Trust remains the central determinant, reinforcing theoretical
models of automation acceptance (Hoff & Bashir, 2015). The
results also confirm that Al literacy significantly enhances
acceptance, supporting educational frameworks proposed by
UNESCO-aligned studies (Miao & Cukurova, 2024).

A key implication is that Al adoption cannot be achieved solely

through technological advancement; it requires structured
educational interventions and trust-building mechanisms.
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Khaleel et al. (2023) emphasize that engineering
applications of Al succeed only when human-centered
integration is prioritized, a finding strongly aligned with

the present study:.

However, contradictions emerge regarding emotional
intelligence. While some respondents show positive
emotional adaptation, others exhibit skepticism
influenced by socio-technical imaginaries (Sartori &
Bocca, 2023). Media influence also plays a role in shaping
unrealistic expectations or fears about Al capabilities
(Nader et al., 2024).

Limitations include reliance on survey-based constructs
and potential cultural bias in self-reported data.
Additionally, the framework does not fully capture
longitudinal changes in perception over time.

Despite these limitations, the study provides a robust
interdisciplinary model integrating psychological,
educational, and technological dimensions of Al
acceptance.

6. CONCLUSION

This study developed a comprehensive empirical
framework for evaluating societal perception and
acceptance of Al technologies in Greece. The findings
demonstrate that Al acceptance is determined by a
combination of trust, technological affinity, emotional
intelligence, and educational exposure. The integration of
provides a

understanding of human-Al interaction dynamics.

multidisciplinary  constructs holistic

The research contributes a scalable model that can be
adapted for policy development, educational reform, and
Al system design. Future research should extend this
framework using longitudinal data and cross-cultural
comparisons to better understand global Al acceptance
trends.
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